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Abstract: Unmanned aerial vehicle (UAV)-assisted mobile edge computing (MEC) systems have proven to provide an
effective solution to improve the performance of mobile network services and alleviate the shortage of computing power.
Targeting complex low-altitude service scenarios, a multi-indicator intent-driven strategy was proposed for UAV compu-
tation offloading and trajectory planning. The impact of dynamic changes in service delay, energy consumption and load
balancing on system decisions was comprehensively considered, and a joint optimization problem with dynamic multi-
indicator intents as the objective was constructed. The original problem, which was characterized by dynamic uncertainty
of target parameters, high dimensionality of the solution space and difficulty in direct solution, was decomposed into two
subproblems, namely computation offloading and resource allocation, and trajectory planning. A hybrid algorithm inte-
grating meta-reinforcement learning and successive convex approximation was designed to realize the alternating optimi-
zation of the two subproblems. Simulation experiments were carried out to evaluate the convergence of the proposed al-
gorithm in dynamic multi-objective optimization, and the optimization objectives were compared with those of existing
schemes. Experimental results show that the proposed algorithm can quickly adapt to the dynamic changes of multiple in-
dicators, and significantly reduce system energy consumption and service delay while balancing the UAV load.
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